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Table 1l Defect segnentation of tomatoes by using
fuzzy colour clustering method

a4 29 4 11 9 5
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Defect ssgnentation of tanatoes using fuzzy color cluster ing method
ZhuW eihua, Cao Q ixin
(D eparment of M echanical Engineering, Shanghai Jiaotong U niversity, Shanghai 200030, China)
Abstract: Fruit surface defect ingection isaw ays a challenging project for computer vision automated fruit grad-
ing On the basisof HI. oolormodel, a defect segnentation method based on fuzzy color clustering isproposed
By converting pixel value from RGB oolor model to HS. ocolor model; definingH, S, L fuzzy setsusing triangle
membership function, and constructing a fuzzy color set, a fuzzy color similarity measure to calculate smilarity
betw een wo fuzzy colorswas created Thisalgorithm was applied to tomato defect segnentation, and experimen-

tal results show that the accuracy is 96%.

Key words computer vision; fuzzy color; tomatoes defect; segmentation; ingection



